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ARGENTINE 1986/87 GRAIN/OILSEED REGISTRATIONS

BUENOS AIRES, Feb 26

Argentine grain board figures show crop registrations of grains, oilseeds and their
products to Februarg 11, in thousands of tonnes, showing those for future

shipments month, 1 86/87 total and 1985/86 total to February 12, 1986, in

brackets:

Bread wheat prev 1,655.8, Feb 872.0, March 164.6, total 2,692.4 (4,161.0).

Maize Mar 48.0, total 48.0 (nil).

Sorghum nil (nil)

Oilseed export registrations were:

Sunflowerseed total 15.0 (7.9)

Soybean May 20.0, total 20.0 (nil)

The board also detailed export registrations for subproducts, as follows....
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ARGENTINE 1986/87 GRAIN/OILSEED REGISTRATIONS

BUENOS AIRES, Feb 26

Argentine grain board figures show crop registrations of grains, oilseeds and their
products to February 11, in thousands of tonnes, showing those for future shipments
month, 1986/87 total and 1985/86 total to February 12, 1986, in brackets
Bread Wheat prev 1,655.8, Feb 872.0, March 164.6, total 2,692.4 (4,161.0).
Maize Mar 48.0, total 48.0 (nil).

= Sorghum nil (nil)
Oilseed export registrations were:

- Sunflowerseed total 15.0 (7.9)
Soybean May 20.0, total 20.0 (nil)

The board also detailed export registrations for subproducts, as follows...
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grain(s) 3
oilseed(s) 2
total 3
wheat 1
— maize 1
soybean 1
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Naive Bayes for SPAM filtering (Sahami et al, 1998)
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ords + Phrases

+ special features
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Junk Recall

Terms: precision, recall
[Figure 3: Precision/Recall curves for junk mail using
various feature sets.

Classified Junk | Classified Legitimate || Total et o9 0
Actually Junk 36 (92.0% precision) 9 45 CONNECTIONISTS: 74
Actually Legitimate 3 174 (95.0% precision) 177 Total examples: 2051 100.00% 0
0 50 100 150 200 250 300 350 40f
Total 39 183 222 Training Examples
Table 3. Confusion matrix for real usage scenario

Naive Bayes vs Rules (Provost 1999)
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Twenty News Groups (Joachims 1996)
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Dataset ~ Method Evals Time Naive Bayes | Lin Reg | Mod Least Squares | Logistic Reg | SVM | Mod SVM
rules gis 1187 16.68 precision 77.0 87.1 89.2 88.0 89.2 89.4
fe 918 3136 recall 76.9 | 849 5 84.9 | 840 83.7
e 350 430 7 77.0 86.0 86.4 86.5 86.5
conjugate gradient (£) 181 257 BEP 75.8 86.3 86.9 86.9 86.5 86.7
f"‘“‘“gl""e gradient ("‘EL) e RS e =t 1;; 1 ;g Table 2: Binary classification performance on Reuters (all 118 classes)
imited memory variable metric 44.52
summary  gis 18571073 9610 1424 1425  107.05 Naive Bayes | Logistic Reg | SVM | Mod SVM
iis 10811073 9610 593 594  188.54 Sonn %6 934 981 8.1
steepest ascent 2489x107% 9633 1094 3321  190.22 = or7 950 53 015
conjugate gradient (&) 9053<107° 9587 157 849 49.48 oneyzEe 0.0 750 44 7%
conjugate gradient (prp) 3297<10-4 9610 112 537 31.66 rain 756 Wy 06 506
limited memory variable metric  5.598x10~° 9554 63 69 852 erude o1 50 518 510
shallow  gis 3314x10-2 1419 3494 3495 2122386 trade 523 72.9 734 748
iis 3238x10- 542 3264 3265 6685592 P 8.2 781 750 T
steepest ascent 7303102 74 3677 14527 85062.53 ship 764 1.0 2.4 338
conjugate gradient (&) 2585102 72 1157 6823 3903831 = %22 Y 395.6
conjugate gradient (prp) 3534x10-2 2472 536 2813 16251.12 “c}(‘::' ‘22‘1 S & S
limited memory variable metric  3.024x10~2  23.82 403 421 242030 = . -
Table 2: Results of comparison. From Zhang & Oles, 2001 — F1 values
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*Example-based Machine Translation Pursuing Fully Structural NLP
Bi5taX - hiEEEM, 2005

-Example-based Machine Translation based on Deeper NLP
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