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R IZ&1F% clustering

> setwd("D:/R/Sample")

> Animals <- read.csv("12Animals.csv", header=TRUE)
>

> # FFTF—LOFRERTHES

> summary(Animals)

X body brain
African elephant: 1  Min. H 0.023  wMin. .40
o s *35.- — o : : :
W —2 & E \ Asian elephant : 1 1st qu.:  3.100 1st Qu.: 22.23
m /AW —DELTIE, stats (BREIZEFENTLND), Brachiosaurus 1 Median : 53.830 Median : 137.00
S LS — B cat © 1 Mean : 4278.439 Mean 574.52
e1071 , cluster 1&& l» = ashé Chimpanzee 1 3rdqu.: 479.000 3rd Qu.: 420.00
v _ Ccow i1 Max. :87000.000 Max. :5712.00
- —— ==+ (other) 122
u ;;—C'i‘ stats @ hclust (BEIEE"]) %niﬁﬁj-%) > # BPBHN—DDIITo TS, F—RELTIEEB BB, REL TN,
> # BMBEMTORRIICLES
> myAnimals <- Animals[2:3]
> rownames(myAnimals) <- Animals$x
> # ROMER. BIEM (EV>TL2BELAEND) DRT—ILOENTHD.
> # FH0, HRLUZERIELES
> myAnimals <- scale(myAnimals)
> # REF: myAnimals <- scale(Animals[-1]); rownames(myAnimals) <- Animals$x
>
> # DIRZ) LT IFERTIETISLTIThN S,
> # A—9YyFEEEN default. FATIE 0 BOT, ESHLTEIILES
> myAnimalsDistance <- dist(myAnimals, diag=FALSE)
Cluster Dendrogram
- > # RLAESH, beob BER TSN
>
ol > # Rz, FERT > # WEEBHHO ward T
s > Animals.clst.average <- > Animals.clst.ward <-
.~ > hclust(myanimalsDistance, method="average™ | |> hclust(myAnimalsbistance, method="ward")
s - > plot(animals.clst.average) > plot(animals.clst.ward)
L Ty T SCACI I BA f—— . : :
> #  (ELOTEHFYEDLRLAD) S8E, ., Cluster Dendrogram Cluster Dendrogram
> round(myAnimalsDistance, 3) 55738 §§8883
cc 2% 5603 58 =
W 88 o8 5 £ ° °
Triceratops <z ° g [ .13 N
Rhesus monkey 3 3 =
Kangaroo o2 ©
Golden hamster g © "
Mouse 0.000 ~ H
Rabbit 0.008 0.009 - commioeh 5 - I i
Sheep 0.130 0.131 0.122 K] 2~ H
Jaguar 0.117 0.117 0.109 0.014 od Zzc - H
chimpanzee 0.329 0.329 0.321 0.199 0.212 s5g, 1 ! e e Beeesie EE
Rat 0.001 0.001 0.008 0.130 0.116 0.328 $e238885585¢8¢8 525388835 ; JIE3RIOGETRIISOEAE8R82 08 15
Brachiosaurus 5.280 5.280 5.280 5.276 5.273 5.280 5.280 H §85 SES =% 58 sg%sg’gs §8 288 23758 goE§TEog 88 8%
Mole 0.001 0.002 0.007 0.129 0.116 0.327 0.001 & 2g sE8 ¢ < [ £ < 5§53 ¥° 5 g =g £ 55§
Pig 0.135 0.135 0.126 0.009 0.018 0.195 0.134 B =< H < s B & 2 < g £ S 2
# ¥, default ®(?hclust ELTHTHEL) complete T 8 g H 8 H z

Animals.clst.complete <- hclust(myAnimalsDistance)

>
>
> plot(animals.clst.complete)
>

myAnimalsDistance
holust (*,"average")

myAnimalsDistance
holust (%, "ward")




> # iris THLTAELLID. [—
> # 150 EEFARLISESTELDT, S2H LISISERATHES

> myIris <- iris[ sample.int( dim(iris)[1], 15 ), ]

> irisbistance <- dist(myIris[,-length(myIris)], diag=FALSE)

> iris.clst <- hclust(irisbistance, method="average")

> plot(iris.clst) N

> # BEoEDRIE, TIZS0E I

> myIris <- iris[ sample.int( dim(iris)[1], 50 ),

> irisbistance <- dist(myIris[,-length(myIris)], diag=FALSE)

> iris.clst <- hclust(irisbistance, method="ward") -

> plot(iris.clst)

> # SEBHATNBEDIN?

> # method #2THLTH TSN ENHEEESTT N ? o
>

Cluster Dendrogram

50

30

Height

irisDistance
helust (*, "ward")

> # SFADNTNDEDIN?
> cc <- rect.hclust(iris.clst, k=3)
> myIris[cc[[1]],length(myIris)]

[1] setosa setosa setosa setosa setosa setosa
[7] setosa setosa setosa setosa setosa setosa
[13] setosa setosa setosa setosa setosa setosa
[19] setosa setosa
Levels: setosa versicolor virginica

Cluster Dendrogram

> myIris[cc[[2]],Tength(myIris)] R
[1] versicolor versicolor versicolor versicolor
[5] versicolor versicolor versicolor versicolor 8
[9] versicolor
Levels: setosa versicolor virginica 3
> myIris[cc[[3]],length(myIris)]
[1] versicolor versicolor virginica virginica 2
[5] virginica virginica virginica versicolor
[9] virginica virginica virginica versicolor £ g
[13] virginica virginica virginica virginica g
[17] versicolor versicolor virginica virginica T
[21] virginica
Levels: setosa versicolor virginica °
> table( -
+ c(seq(1,1,length.out=Tength(cc[[111)),
+ seq(2,2,length.out=Tength(cc[[211)), °

seq(3,3,Tength.out=Tength(cc[[311) ) ),
c(myIris[cc[[1]],Tength(myIris)],

-
-

+ myIris[cc[[2]],Tength(myIris)],
+ myIris[cc[[3]],7ength(myIris)] ) )

12 3
120 0 0 irisDistance
2090 helust (*, "ward")
3.0 615
> # method #2THLTH TS ENHESESTI M ?
> # F&T—8(150f8) THLTATFEL . method FEEOLNE

AEDRRE1

n [EEHISRZI T DASARHIZHSD

> # RUAESH. baok, X TS, ‘
>

v

v
s

F1-2T—5(1508) THLTHTFE method FEEDLOE

method 2 THLTHTHZEW, ENHKEESTI M ? ‘

[C&EZTEEL,

X IFEHRALE

12. fpEZERHDHIFX
227 (2)

BAEA
BREEZPXRFEIFY

O
k-means 7 Z AR >J: X1t

- A nEORISHEEIEE V, NTA—F k

- HA: kBEOE (USREIOFID) hEiESEE X T,
FTRTOAEELE X DIEM T, ZFE (squared error
distortion) d(V,X) B &z/NDED

I
il
A

|
<
~

HES X AEADNIEE, v D X ~DER
d@v, X)
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Z % Squared Error Distortion [FRDKSIZEHRIND
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http://home.dei.polimi.it/matteucc/Clustering/tutorial_html/AppletKM.html
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transformed large and diverse collections of corporate information into tangible organizational . Or call us at: 800-966.9675
intelligence, optimizing information for enterprises and government clients. itonty,code: 00N,

Considering a purchase?
© Email 1B

Now, Vivisimo Velocity Platform is IBM InfoSphere Data Explorer. InfoSphere Data Explorer  IBM InfoSphere Data Explorer
remains true to ts heritage of providing federated navigation and discovery over a broad Achieve information optimizetion through information

connectivty, creating contextual iteligence and
range of enterprise content to help you get more from your data. g Aoy s

- Learn more about InfoSphere Data Explorer
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Groxis X%

Thanks to a diligent and hardworking team at Groxis, we did our best through
2008 but by the end of Q1 of 2009 the only feasible next step was to close down
the current operation. We closed down the day-to-day operation in March 2009.
Since that time | have been negotiating with possible acquirers and investors. We
have had a great response only time will tell whether a long term solution will
emerge.

Thanks for your interest in Groxis, Steve. I'll keep you posted.

Randall Marcinko, CEO
Groxis, Inc.
randy@marcinko.com

http://arnoldit.com/wordpress/2009/08/22/grokker-mystery/

Groxisl&Grokker& Bif L 1= 4t
http://en. wikipedia.org/wiki/Groxis

17



.
Grokker.com [&5EY H L (2010-2011)

| 7 e
—

is for sale. , call i
877-536-4051 (Toll Free) or +1 339-222-5166. Click here for more details.
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Grokker is coming back very soon...
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" JE ; p fomene In stats paciase
> #
> x <- rbind(matrix(rnorm(100, sd = 0.3), ncol = 2),
< . + matrix(rnorm(100, mean = 1, sd = 0.3), ncol = 2))
- > colnames(x) <= c("x", "y"
R IZ&1F% clustering €M 2 L R
K-means clustering with 2 clusters of sizes 49, 51
Cluster means:
o s T 3 — O X Y
n /\\yb'—ytb'clj:, stats (*a‘z—%[v =3 35*] 'CL\%,)’ 1 0.01249021 -0.0488819
" 2 0.99572877 0.8887047
e1071, cluster GEITEFEND Clustering vector:
—_— = 1J1111111111111111111111111111111
m__C km n k-m n i:; j’ [321111121111111111111222222222222
Tl stats O eas( eans) “-Ugﬁ 6° [63J 2222222222222222222222222222222
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@] o o
within cluster sum of squares by cluster: Coo g
~—b N N — < pNy— [1] 8.926331 9.806389 LI
- ® ©o
n GHEEM7 LIV LERWNEIZRE) T2, 2 oigar e
o o N Available components: o 2 090 °
mclust/ \“j"T_‘/O)MClUSUIJ\J:(Oi)\b*L%) [1] “cluster” “centers” “withinss" "size" S
> plot(x, col = clScluster) o 0® oo °
> points(ciScenters, col = 1:2, pch = 8, cex=2) = °© o e o
> U
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> x <- rbind(matrix(rnorm(120, sd = 0.3), ncol = 3), ] R
+  matrix(rnorm(120, mean = 0.5, sd = 0.3), ncol = 3))  ~
> colnames(x) <= c("x", "y", "z") oo
> (€1 <~ kmeans(x, 2)) e e ° # data. frame (=4 3E—HOBIHYES
K-means clustering with 2 clusters of sizes 48, 32 w N o @ [ P = 05 00 05 10
e ° o - L L I I
o P, T ke > plot(x, col = c1scluster) PR i
Cluster means: > o %0 < z o
x y z ° . e 5 o o o & © » %%
0.1210649 0.01357391 0.06235026 ol oL e e o $ o5 o | 0@ 2% of
0.5492681 0.44262103 0.64539340 ° e N % o X o % B Jo o g@f'éog r
ege™ oo 8559 oome O
Clustering vector: o o S8 S B o |
1J1111111111111111111111111 @ | N o 08 o ® RN L
[26] 1111111111111112211222222 "L : — . . . . ° % % ° L
[5112222222221221122222222121
RS 04 0z 00 0z 04 08 08 10 N = -
within cluster sum of squares by cluster: ° % o 9 op . &0
[1] 8.754782 7.128787 5 Sl 29, B o FB°0 8,
g0 8% g y SE g B
. B .5 0gp o0 %00 o 8o
Available components: o ° 21°0c%er%e 2 0% o8 5° o
[1] "cluster” “centers" “withinss" "size" 7 s . as®% . 8°% &
> plot(x, col = clScluster) ° s ° 1°% 2, %
> points(ciscenters, col = 1:2, pch = 8, cex=2) N °, = <
> o | ° o ° © ©
> plot(x[,2:3], col = cIscluster) v e P ° s o ° L
> points(cl$centers[,2:3]1, col = 1:2, pch = 8, cex=2) 2% % ° @ &0 @ oy o
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> # iris T}
> x <= iris[,-5]
> ¢l <= kmeans(x, 3) SH B
> plot(x, col = cl$cluster) E 0) = E 2
> points(cl$centers, col = 1:3, pch = 8, cex=2)
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