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ilp.scaled <- scale(ilp[,-111)

ilp.scaled <- cbind(ilp.scaled,Class=ilp$Class)
ilp <- data.frame(ilp.scaled)
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ilp0.train <- subset(ilp.train, ilp.train$Class==0)
ilp1.train <- subset(ilp.train, ilp.train$Class==1)

n.train.small <- 20 #FBT -4, V5R0E1ERLIZLL=,
ilp.train.small <- rbind(ilp0.train[1:n.train.small,], ilp1.train[1:n.train.small,])
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correctCount <- 0

for ( i in intersect(rownames(rw.tb1),colnames(rw.tbh1)) )
correctCount <- correctCount + rw.tb1[i,1]

(accuracy <- correctCount/sum(rw.tb1))
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