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Bias-variance decomposition

{RE Y = f(X) + £ where £ ~ N(0,0,%)
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=0 +E[ (10w - fao)) ]
+2(fo0 - f(xo)z) E[(Y = FCO)|X = xo]
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Akaike Information Criterion (AIC)
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—0001000100010001000100010001

—-0111010011010000101010101011
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—0001000100010001000100010001

 7.times{ print "0001" }

—-0111010011010000101010101011
* puts("0111010011010000101010101011")
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7.times{ print "0001" }
Puts("0001000100010001000100010001")
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« AAICE&RLTWLWADIE
— Entities should not be multiplied beyond necessity.
« Bertrand Russell IZ&n(E
— Itis vain to do with more what can be done with
fewer.
« ZLEBDER
— Among the theories that are consistent with the

observed phenomena, one should select the
simplest theory.
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— WikipediaZ &
— &ETHMNIE "The philosophy of John Duns Scotus" M %8.28f

— #(FhE, "The Myth of Occam's Razor" Mind, 27(107), 345-353
(1918)

« Albert Einstein: "Theories should be as simple as it is, but not
simpler."
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heH
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heH
=argmin L. (D|h)+ L (h)
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http://www.cs.princeton.edu/courses/archive/spring04/cos126/




rh . <7 K 3 . — K 3
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« Huffman %%
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AVERAGE WORD LENGTH 2.77
(in binary digits)

http://star.itc.it/caprile/teaching/algebra-superiore-2001/
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c PEX EOBRSTELES, 25T D& X 2htT
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B &/t R fFSREER
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heH
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J.Rissanen, Modeling by shortest data description. Automatica, vol. 14 (1978), pp. 465-471.
J.Rissanen, Fisher il ion and ity. IEEE Trans. ion Theory,
vol. 42 (1996), pp. 40-47.

MDL Reading http://www.mdl-research.org/reading.html
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N 1 N N
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